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» Bayesian Affect Control Theory (BayesAct)[5]:
» sentiments are probability distributions

game game game game

-Two BayesAct agents with same timeout, discount v = 0.9. Red=client; Blue=agent; dashed=std.dev; solid (thin): mean;
solid (thick): median. As timeout increases, more defections give less reward for both agents.

-When v = 0.99, agents always cooperate.

-With more discounting (v = 0.9), more time buys more breadih of search (the agent gets to explore more short-term
options), and finds more of them that look appealing (it can get away with a defection for a short while).

-With less discounting (v = 0.99, not shown), more time buys more depth, and results in better long-term decisions.
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» Decision-theoretic planning in a POMDP model of affective
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